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Previous research argues that occupational gender pay gaps arise from greedy jobs within 
occupations. Individuals employed in greedy jobs are not easily substitutable. They work long 
hours at unpredictable times of the day that engender compensating differentials resulting in an 
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that occupational gender earnings gaps are highest in occupations where greedy jobs proliferate. 
Wage-setting institutions engender heterogenous effects on occupational gender earnings gaps. 
Relative to the United States, occupational gender earnings gaps are smaller in Australia, 
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surprisingly, individuals employed in greedy occupations predominantly use individual agreements 
to negotiate pay. 
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1 Introduction

Historically, the early literature on the gender pay gap focused on observable and unobservable characteristics between

men and women (Altonji and Blank, 1999), attributing the two underlying sources of the gender wage gap to human

capital accumulation and discrimination. Over time however, as women’s educational achievements have surpassed

those of men, new streams of literature have emerged which point to occupation as an important factor that explains

the remaining gender pay gap (Goldin, 2014, 2021; Pan, 2015; Blau and Kahn, 2017; Cortes and Pan, 2018; Bertrand,

2011, 2020). One area of this research focuses on differences in preferences for workplace flexibility. In particular,

some occupations reward long hours and hours worked at specific times of the day; these occupations are "greedy"

(Goldin, 2014, 2021). Greedy occupations are mostly or entirely comprised of greedy jobs. By contrast, other, flexible

occupations do not reward long or particular hours worked. These occupations are entirely or mostly comprised of

"not so needy", flexible jobs. Workers employed in flexible occupations are largely substitutable, either by design (i.e.

obstetricians and gynecologists) and/or as a result of technological improvements over time (i.e. pharmacists) (Goldin,

2014; Goldin and Katz, 2016; Goldin, 2021). Gender pay gaps emerge as a result of differences in male and female

preferences (Mas and Pallais, 2020; Flabbi and Moro, 2012; Wiswall and Zafar, 2018; Pertold-Gebicka et al., 2016;

Wasserman, 2022; Lundborg et al., 2017; Le Barbanchon et al., 2021) for greedy and flexible employment, partially

shaped by social norms.

To date, the literature has identified that greedy jobs proliferate in the United States, a labour market where wages

are predominantly negotiated individually between a worker and her employer. By contrast, labour market institutions,

such as collective bargaining, play a much more important role in Australia, as well as in many other countries across

the globe. For example, in 2018, the share of employees whose pay was set by collective agreement amounted to

11.7% in the United States, compared to 61.2% in Australia (ILOSTAT). This institutional difference could exert

different impacts on pay at the occupational level. By reducing the individual bargaining of workers and improving

pay transparency, collective bargaining can result in wage compression that reduces gender pay gaps (Cullen and

Pakzad-Hurson, 2021; Bennedsen et al., 2022; Baker et al., 2022). By contrast, in occupations where individual

agreements predominate, gender pay gaps will likely be larger, in part due to the gender ask gap. A growing literature

points to women’s reluctance to negotiate their salary or to propose a lower asking salary in a job for which they have

applied (Leibbrandt and List, 2015; Card et al., 2015; Roussille, 2022; Biasi and Sarsons, 2021).

This paper analyses the extent to which greedy jobs and occupations exist in Australia and assesses the extent to

which labour market institutions exacerbate or attenuate occupational gender pay gaps. The results affirm that greedy

occupations exist in Australia. Across occupations, the greediest — defined as those occupations with an earnings

to hours elasticity that exceeds one — disproportionately employ men, predominantly use individual agreements to

set pay, and have the largest occupational gender wage gaps. In addition, the use of individual agreements among
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men and women within the same occupation widens the gender earnings gap, while the use of collective agreements

reduces it. The results also show that occupational pay gaps tend to be smaller in Australia, relative to the United

States. This is consistent with wage compression effects observed in countries where collective bargaining coverage

is large. Occupational gender pay gaps, calculated exclusively for workers with pay set by individual agreement, are

closest in magnitude to those observed in the United States.

The next section discusses the theoretical framework that underpins the greedy jobs hypothesis alongside the

related empirical research. Section 3 describes the data used for the paper and is followed by descriptive trends of the

pay gaps and measures of occupational segregation in Australia. Section 5 affirms that greedy occupations exist in

Australia and discusses some of the sources of difference in pay gaps observed in the two countries, which includes

the role of labour market institutions. Section 6 concludes.

2 Background

Goldin (2014, 2021) argues that differences between the earnings of men and women employed in the same occupation

arise due to compensating differentials (Rosen, 1987). Compensating differentials emerge from matching workers’

preferences with firms’ costs. "Temporal flexibility"1 is one type of firm cost and is defined as the firm’s cost of

allowing a worker to choose when, as well as the number of hours, she works. The cost of temporal flexibility can vary

by job within an occupation. The cost of temporal flexibility is high (low) for greedy (flexible) jobs. Among workers,

some employees greatly value temporal flexibility. Worker preferences for temporal flexibility can also change over

time.

The cost of providing temporal flexibility decreases as worker substitutability increases. For example, as a result of

a shift in management away from self-employed pharmacists to corporate ownership, the extensive use of IT systems

which enhanced the ability to share information across pharmacists and pharmacies, and the standardization of phar-

macy products and services (i.e. medications are produced by pharmaceutical companies rather than compounded by

individual pharmacists on-site), pharmacists have become more readily substitutable. Pharmacists represent a flexible

occupation. They are also one of the most egalitarian professions in terms of pay (Goldin, 2014; Goldin and Katz,

2011, 2016). By contrast, in greedy employment, the cost of worker substitution is quite high. Lawyers and MBA

graduates are often employed in greedy jobs, since client specific knowledge, accumulated over time, can be quite

costly for firms to transfer or delegate to another employee (Goldin, 2014; Goldin and Katz, 2011).

Since greedy jobs require specific individuals to work long hours and/or at potentially unpredictable times of the

day, workers receive a compensating differential, reflected by non-linear pay structures and an elasticity of earnings

to hours that often exceeds one. The elasticity of an occupation will depend on the share of greedy and flexible jobs

1Goldin presents her theoretical framework in her 2014 and 2021 research.
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within it. For example, not all lawyers are employed in greedy jobs. Some lawyers work in less prestigious firms with

more flexibility, fewer time pressures and a more linear pay structure. The average elasticity for the occupation will

however, include all lawyers in both greedy and flexible jobs. The greater the elasticity, the greedier the jobs, and/or the

greater the share of greedy employment in an occupation. Gender pay gaps will arise in greedy occupations if women

disproportionately select jobs, within an occupation, associated with greater temporal flexibility. For example, if men

opt to become law partners at tier one firms and women disproportionately choose to work as lawyers in small local

firms with fixed hours, a gender wage gap will emerge as a result of the compensating differential disproportionately

received by men.

Empirically, research suggests that women do express a greater preference for flexible jobs. While both sexes

are willing to pay for non-wage attributes, the amount varies across studies and by gender (Mas and Pallais, 2020).

Flabbi and Moro (2012) look at the value of flexible work, defined as part-time work, for female high school educated

and university graduates in the United States who work fewer than 35 hours per week. The authors find that the two

educational groups value part-time work differently and the cost of employer provision also differ between the two

groups. Neither group of women however, is willing to pay very much for part-time work (between 1 to 10 cents an

hour).

Wiswall and Zafar (2018) estimate preferences for job amenities using a sample of undergraduates attending New

York University (NYU). The authors surveyed students during university and several years later when the same stu-

dents were employed in their mid-20s. They found that women, compared to men, have a much higher willingness to

pay for workplace hours flexibility. Differences in workplace preferences by gender emerge through two channels: (1)

selection of field of study (choice of major) or (2) selection of occupations within a particular field. The authors find

that the gender wage gap among early career graduates is mostly operating through this second channel and is a result

of the associated costs of “purchasing” workplace attributes, such as workplace hours flexibility (among others).

Within households, women also tend to prioritize flexible jobs, especially following the arrival of children. This

suggestion is consistent with literature showing changes in female labour force decisions when women become moth-

ers. Pertold-Gebicka et al. (2016) use Danish data to show that following the birth of their first child, mothers tend

to switch from the private to public sector. The authors explain this through mothers’ preferences for particular job

characteristics, operating through compensating differentials. They argue that mothers choose employers that accom-

modate their preferences for flexibility. Wasserman (2022) shows that a reform that capped the average workweek for

medical residents at 80 hours induced women to enter specialties that had exceedingly high hours prior to the reform.

(Lundborg et al., 2017) evaluate the impact of successful invitro fertilization (IVF) on the labour market outcomes of

mothers (in comparison to unsuccessful women who attempted IVF). They find that mothers reduce labour supply on

the extensive and intensive margins. If mothers continue to work, they tend to work fewer hours in the short term,

and over the longer run they change to lower paid jobs that are closer to home. Le Barbanchon et al. (2021) reach
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similar conclusions with respect to commuting distances in France. They estimate that around 10 percent of the gender

wage gap can be attributed to gender differences in the willingness to pay for a shorter commute and that this effect is

supply-side driven. The preference for a shorter commute is also observed for all women, not just mothers.

Changes over time also alter preferences and willingness to pay for non-wage amenities. Recent empirical work

suggests that greedy jobs have gotten greedier. The returns from working long hours have increased over time Cha

and Weeden (2014); Kuhn and Lozano (2008); Cortes and Pan (2016); Denning et al. (2022), influencing women’s

labour force decisions. Cortes and Pan (2017) use cross-country data to show that the labour force participation rates

of tertiary educated women, aged 23-57, decline as the share of full-time skilled males working more than 50 hours

per week increases. They argue that the prevalence of overwork discourages ever-married women from working in

the labour market. They also find that the percentage of tertiary educated ever-married women working in a specific

occupation declines as the prevalence of overwork among men (working 50+ weekly hours) increases. Among women

who continue to work in greedy jobs, some find ways to relieve time pressures. Cortés and Pan (2019) show that

low-skilled immigration can help to reduce the gender wage gap among highly skilled women; low-skilled migrants,

employed to assist with household production responsibilities, enable mothers to work long hours.

More recently, another segment of the empirical literature posits that the compensating differential framework

should not apply to non-wage job attributes, such as flexibility. Mas and Pallais (2017), Maestas et al. (2018) and He

et al. (2021) find that positive non-wage attributes, such as flexibility, are associated with even higher wages. These

findings suggest that flexible jobs allow employers to increase the value of their jobs by combining wage and non-wage

amenities and/or that more highly skilled workers are selecting into flexible positions (Mas and Pallais, 2020). The

conclusions reached from these articles do not however, contradict the findings reached by Goldin (2014). Rather, these

studies reaffirm her statement that “Workplace flexibility is a complicated, multidimensional statement.” Differences

in the empirical findings and appropriate frameworks seem to depend on the definition of flexibility applied and the

particular type of non-wage amenity considered.

3 Data

The data used are from the Household Income and Labour Dynamics Survey (HILDA), an annual panel dataset of

Australian households conducted from the 2000 – 01 to 2020 – 21 financial years (e.g. 1 July 2000 – 30 June 2001).

Analyses are based on the unbalanced panel in order to draw on the largest sample size possible. The HILDA manual

(Summerfield, et al., 2020) finds that attritors are more likely to be “living in Sydney and Melbourne; aged 15 to 24;

single or living in a de facto marriage; born in a non-English speaking country; Aboriginal or Torres Strait Islander;

living in a flat, unit or apartment; of relatively low levels of education; unemployed; or working in blue collar or

low-skilled occupations. By focusing on 25 – 65-year-old, university-educated individuals (further described below),
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the impact of attrition is reduced.

Earnings data are available at the weekly and annual level (for the financial year). Weekly earnings data are

separated by the “main job” and “other jobs”. By contrast, annual earnings data are only available for “all jobs”. Hours

worked are only available at the weekly level and are separated by “main job” and “other jobs”. Weekly earnings and

the corresponding weekly hours data are used for most analyses since consistency between the two measures allows

for an approximation of hourly wages. Wages are deflated by the national CPI, which has been rebased to 2020 dollars.

Consistent with the methods applied in Goldin (2014), data are restricted to the 25 – 65-year-old employee pop-

ulation. Different samples of workers are constructed: all employees, full-time employees, university-educated em-

ployees, and full-time university-educated employees. Full-time employees refer to employees who worked at least

35 hours per week in the main job. Employees without earnings data have been excluded. Employees with an hourly

wage below the minimum wage in force at the beginning of the financial year the HILDA survey took place were also

excluded. This estimate is meant to be a conservative estimate since, in some years, the minimum wage changed over

the period the HILDA data were collected. Using the minimum wage in force at the beginning of the financial year (as

opposed to the end) is used as a lower bound to include as many workers as possible.

Data on occupations are available at the four-digit Australian and New Zealand Standard Classification of Occu-

pations (ANZSCO). Summary statistics are provided using the full sample of these workers across all occupations. By

contrast, regression analyses, which focus on occupational differences, exclude occupations with fewer than 25 men

and 25 women. A summary of the sample selection for the full-time employee sample is provided in Table 1.

Data are also drawn from Occupational Information Network, O*Net, the successor to the United States’ Depart-

ment of Labor’s Dictionary of Occupational Titles. O*Net collects data, at the occupational level (923 occupations in

total) in the United States, about: knowledge, skills and abilities; education, experience and training; interests, work

values, work styles; tasks; technology, skills and tools; work activities; and work context. Data at the occupational

level are collected continually through surveys given to workers in specific occupations. Information is collected in

two stages where a random sample of businesses employing a targeted occupation is targeted and followed by sur-

veying a random sample of workers in the pre-identified business sample. O*Net provides detailed information on

job characteristics at the occupational, as opposed to worker, level. Hence, heterogeneity within occupations across

workers cannot be observed using this survey.2

TABLE 1: SAMPLE SIZE SELECTION FOR ALL FULL-TIME EMPLOYEES

Source: Author’s calculations using HILDA.
2Since O*Net is collected in the United States, there is also an underlying assumption that occupations are similar across the two countries and

that workers would have responded in similar ways to the questions posed. In March 2021, the Australian Skills Commission mapped the O*Net
and ANZSCO occupations in order to use O*Net data to create a skills classification structure. The application of O*Net data to the Australian
context by the Australian Government suggests some congruence between occupations in the two countries. The use of O*Net also allows for a
direct comparison with the results from Goldin (2014).
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Number of nonmissing values
Full sample 410,658
Dropping <25 & >64 200,340
Dropping <35 usual hours worked 102,936
Dropping earnings < min. wage 87,113
Dropping missing occupations 87,067

4 Descriptive statistics

Table 2 shows summary statistics from the HILDA sample of full-time employees, pooled across all years, by sex and

by whether employees received a Bachelor’s degree. The table shows that the different subsets of employees are quite

similar in terms of the mean age. Men tend to work slightly more hours than women. Not surprisingly, while the

earnings levels are higher for university graduates, men tend to earn more than women across both education groups.

In terms of education, significantly more women are university graduates than men. As a result, the higher portion of

women with a university education results in a smaller gender earnings gap for all full-time employees compared to

full-time university graduates. Education is included in the subsequent regression analyses to control for this important

difference. Among university graduates, a similar share of men and women hold a postgraduate degree.
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TABLE 2: SUMMARY STATISTICS IN HILDA, POOLED ACROSS ALL TIME PERIODS

Full-time employees
Non-University Graduate University Graduate All
Male Female Total Male Female Total Male Female Total

Age (mean/sd) 41.68 42.72 42.01 41.22 40.13 40.72 41.54 41.57 41.55
(10.52) (10.83) (10.63) (10.00) (10.59) (10.29) (10.37) (10.80) (10.53)

ln-hours (mean/sd) 3.79 3.70 3.76 3.80 3.75 3.78 3.79 3.72 3.77
(0.18) (0.13) (0.17) (0.16) (0.15) (0.16) (0.17) (0.14) (0.17)

Hours usually worked (mean/sd) 45.14 40.79 43.76 45.31 43.16 44.32 45.19 41.84 43.96
(9.02) (5.86) (8.39) (8.04) (7.33) (7.80) (8.73) (6.66) (8.19)

ln-wk earnings (mean/sd) 7.31 7.08 7.24 7.64 7.41 7.53 7.41 7.23 7.34
(0.40) (0.32) (0.40) (0.47) (0.37) (0.44) (0.45) (0.38) (0.44)

Weekly earnings main job, $2020 (mean/sd) 1641.76 1257.61 1519.56 2347.19 1777.48 2084.40 1855.31 1488.15 1719.87
(820.94) (530.55) (762.30) (1439.93) (793.37) (1219.81) (1096.63) (708.85) (987.78)

Graduated from university
No university degree (%) 100.00% 100.00% 100.00% 0.00% 0.00% 0.00% 69.73% 55.65% 64.54%
Bachelor’s degree (%) 0.00% 0.00% 0.00% 100.00% 100.00% 100.00% 30.27% 44.35% 35.46%

More than a Bachelor’s degree
University graduate (%) .% .% .% 56.57% 55.54% 56.09% 56.57% 55.54% 56.09%
Post-graduate degree (%) .% .% .% 43.43% 44.46% 43.91% 43.43% 44.46% 43.91%

N 38,315 17,875 56,190 16,634 14,243 30,877 54,949 32,118 87,067

Source: Author’s calculations using HILDA.
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Figure 1 shows changes in the weekly gender earnings gap over time by different samples of employees. The figure

shows that while the magnitude of the gap differs by subgroup, the declining trend remains the same. The gap for all

employees is larger than full-time employees since the measure used is weekly earnings, which captures differences

in hours worked as well as wage rates. Consistent with Table 2, the gap for all full-time employees is smaller than that

for full-time university graduates because of the aforementioned composition effect.

Figure 1. The gender earnings gap (weekly earnings), 2001-02 to 2020-21

Figures 2 and 3 show how occupational segregation has evolved alongside the decline in the gender earnings gap.

The Duncan Index captures the magnitude of occupational segregation in the labour market by comparing employment

shares of men and women by occupation. It ranges from 0 to 100 and equals 100 when men and women are completely

segregated (no men or women work in the same occupation) and 0 when equal shares of both sexes work in all

occupations (complete integration).

Indices were calculated using the two, three- and four-digit occupational codes. Figure 2 considers different

samples of employees using the two-digit occupational codes. Figure 3 calculates the index for full-time university

graduate employees at the two, three and four-digit levels. The figures show three trends. First, similar to the gender

earnings gap, segregation has declined over time. This trend applies irrespective of the subgroup of employees con-

sidered or the occupational code level used. It is also consistent with findings from Borland and Coelli (2016) who

show that the Duncan Index has declined in Australia since the 1960s through 2011. Second, the level of segregation

is highest among all employees, followed by full-time employees, all university graduate employees and full-time uni-
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versity graduate employees. This trend suggests that both working hours and a university degree influence the degree

of segregation among professions where individuals work. Finally, the bottom panel shows that the level of segre-

gation increases with each additional occupational digit. This suggests that while men and women work in similar

professions, broadly defined (2-digit), segregation increases as occupations are more narrowly defined.

Collectively, these findings imply that while full-time university graduate employees tend to work in professions

that are more integrated, these professions remain segregated when analysed at a very detailed four-digit occupational

level. In other words, even among women who “look” the most like men, occupational segregation persists, particularly

when very narrow definitions of occupation are considered (i.e. at the 4 digit level). These findings suggest that similar

to the United States (Goldin, 2014, 2021), occupation likely plays an important role in explaining the gender earnings

gap. This is confirmed by analyses in the next section.

Figure 2. The Duncan index by type of employee at the two digit occupational level, 2001-02 to 2020-21
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Figure 3. The Duncan index for full-time university graduates, by occupational code detail, 2001-02 to 2020-21

5 Empirical analyses

In order to quantify the importance of occupation to the gender earnings gap, Goldin (2014) undertakes four analyses

which allow her to infer the following conclusions:

1. Occupation is an important explanatory variable that contributes to the gender earnings gap.

2. The gender earnings gap varies by occupation.

3. The gender earnings gap tends to be higher in occupations where “temporal flexibility” is costly.

4. High costs, associated with “temporal flexibility”, give rise to "greedy" jobs with an earnings to hours elasticity

that exceeds one. The gender earnings gap is highest in occupations where greedy jobs proliferate.

This section replicates each of these analyses using HILDA.

Analysis 1: Occupation is an important explanatory variable that contributes to the gender earnings gap.

In order to determine the importance of occupation in explaining the gender earnings gap, five OLS regressions

are estimated using four samples of employees: all employees, full-time employees, university graduate employees,
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and full-time university graduate employees. The dependent variable, ln(Y )it , refers to the natural log of weekly earn-

ings for individual, i, at time, t. Sex is a dummy variable that equals zero for men and one for women. University

is a dummy variable that equals one if an individual completed university and zero otherwise. In the specifications

estimated across university graduates, university is excluded and replaced with aboveBA which is a dummy variable

equal to one if an individual completed a postgraduate degree and zero if she only has a Bachelor’s degree. Year and

occupation are dummy variables for each financial year and occupation at the 4-digit level. The variables occ tenure

and emp tenure refer to the number of years an individual has experience working in their current occupation and

current employer, respectively.3

Basic:

ln(Y )it = β0 +β1ageit +β2age2
it +β3sexit +β4yeart + εit (1)

Time:

ln(Y )it = β0 +β1ageit +β2age2
it +β3sexit +β4yeart +β5ln(weeklyhoursworked)it+

εit

(2)

Education:

ln(Y )it = β0 +β1ageit +β2age2
it +β3sexit +β4yeart +β5ln(weeklyhoursworked)it+

β6universityit + εit

(3)

Occupation:

ln(Y )it = β0 +β1ageit +β2age2
it +β3sexit +β4yeart +β5ln(weeklyhoursworked)it+

β6universityit +β7occupationit + εit

(4)

Experience:

ln(Y )it = β0 +β1ageit +β2age2
it +β3sexit +β4yeart +β5ln(weeklyhoursworked)it+

β6universityit +β7occupationit +β8occtenureit +β9emptenureit + εit

(5)

A summary of the results is presented in Table 3 (the complete specifications are provided in the Appendix tables

A1 - A4) . The inclusion of all variables results in a gender earnings gap that is about equal across all samples (about

11%). In addition, irrespective of the sample of employees, the gender wage gap is smallest for the specification that

includes occupation (equation 4); this specification explains the largest share of the gap. The other models explain

3These specifications were also estimated for the 26 - 59 year old population - a population segment more commonly used in Australian labour
studies - and the results do not substantively change.
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a decreasing amount of the gender earnings gap in the following descending order: time (equation 3), education

(equation 2) and basic (equation 1) models. Finally, the R-squared increases substantially when occupational controls

are added. Both the reduction in the coefficient on female and the substantial increase in the R-squared confirm the

importance that occupation plays in explaining the gender earnings gap. The fifth specification exploits the richness of

the HILDA dataset by including information on employer and occupational tenure (variables not available in Goldin

2014) and shows they do not explain much additional variation in male and female earnings.
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TABLE 3: GENDER DIFFERENCES IN EARNINGS AND THE ROLE OF OCCUPATION

Sex Sex R-squared Number of observations
Coefficient Std. error

Full-time all employees, Basic -0.19*** (0.00) 0.09 87,067
Full-time all employees, Time -0.11*** (0.00) 0.24 87,067
Full-time all employees, Education -0.16*** (0.00) 0.34 87,067
Full-time all employees, Occupation -0.11*** (0.00) 0.52 87,067
Full-time all employees, Experience -0.11*** (0.00) 0.52 87,067
All employees, Basic -0.44*** (0.00) 0.15 116,549
All employees, Time -0.14*** (0.00) 0.58 116,549
All employees, Education -0.18*** (0.00) 0.63 116,549
All employees, Occupation -0.12*** (0.00) 0.73 116,549
All employees, Experience -0.11*** (0.00) 0.73 116,549
Full-time uni. employees, Basic -0.21*** (0.00) 0.15 30,877
Full-time uni. employees, Time -0.17*** (0.00) 0.26 30,877
Full-time uni. employees, Education -0.17*** (0.00) 0.27 30,877
Full-time uni. employees, Occupation -0.11*** (0.00) 0.46 30,877
Full-time uni. employees, Experience -0.10*** (0.00) 0.47 30,877
All uni. employees, Basic -0.40*** (0.01) 0.14 40,435
All uni. employees, Time -0.17*** (0.00) 0.57 40,435
All uni. employees, Education -0.18*** (0.00) 0.57 40,435
All uni. employees, Occupation -0.11*** (0.00) 0.68 40,435
All uni. employees, Experience -0.11*** (0.00) 0.69 40,435

*** p<.01, ** p<.05, * p<.1

Source: Author’s calculations using HILDA.
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Analysis 2: The gender earnings gap varies by occupation.

While the preceding analysis confirmed the importance of occupation in explaining the gender earnings gap, this

second analysis identifies if and by what magnitude the wages of men and women differ within a specific occupation.

For example, this second analysis shows how much more (or less) female pharmacists earn relative to their male

pharmacist counterparts. To estimate gender earnings gaps within occupations, sex and occupation are interacted in

the specification below:

Occupation + interaction:

ln(Y )it = β0 +β1ageit +β2age2
it +β3sexit +β4yeart +β5ln(weeklyhoursworked)it+

β6universityit +β7occupationit +β8occupationit ∗ sexit + εit

(6)

The sum of β3 and β8, which captures the gender wage gap within a specific occupation, is graphed for each

occupation against the natural log of the mean weekly earnings of men by occupation. Occupations were also grouped

into five broader categories: business, science, technology (tech), health and other. Occupations are grouped according

to the classification used by Goldin (2014). In some cases, there was a one-to-one occupational match between the

Australian ANZSCO occupational categories, and the occupational list provided in Goldin (2014). In the absence

of a one-to-one match, a category was selected based on the job description. The "broad" categorisation captures

individuals who only reported an occupation which could be identified at the one or two digit level (this grouping

was not provided in Goldin).4 The results are presented in Figure 4 for full-time university graduates and show that

a gender earnings gap exists across many occupations and tends to increase with male earnings. It also shows that

the largest gender earnings gaps tend to appear primarily among business occupations. This is represented by the

concentration of red squares below -0.2 on the y-axis.

4This grouping includes individuals who indicated they were "professionals" (one-digit occupation level), "ICT professionals" (two-digit oc-
cupation level), or "specialist managers" (two-digit occupation level). These occupations represent less than two percent of employment.
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Figure 4. Gender wage gaps at the 4-digit occupational level, full-time university graduates

Analysis 3: The gender earnings gap tends to be higher in occupations where “temporal flexibility” is costly.

In order to better understand the reasons why business professions tend to have a larger gender earnings gap,

Goldin (2014) exploits the O*Net database. She focuses on seven specific questions posed in the O*Net survey that

characterise the degree of temporal flexibility in a given occupation.5 The first six questions aim to reflect tempo-

ral flexibility by capturing time demands on the job, whereas the seventh captures the degree of competition. The

questions are provided below:

1. Time pressure: How often does your current job require you to meet strict deadlines? A low value refers to

workers who never or rarely have strict deadlines.

2. Contact with others: How much contact with others is required to perform your current job (face-to-face, by

telephone, or otherwise)? A low value means a worker has minimal to no contact with others.

3. Establishing and maintaining interpersonal relationships: How important is establishing and maintaining inter-

personal relationships to the performance of your current job? A low value indicates interpersonal relationships

are unimportant for job performance.

4. Structured versus unstructured work: How much freedom do you have to determine the tasks, priorities or goals

of your current job? A low value implies a job with little autonomy and that is very structured.
5Questions six and seven were added in Goldin (2021).

15



5. Freedom to make decisions: How much freedom do you have to make decisions without supervision? A low

value indicates a worker has little autonomy to make decisions without supervision.

6. Frequency of decision making: How often do your decisions affect other people, or the image, or reputation, or

financial resources of your employer? A low value suggests a worker’s decisions minimally impact others.

7. Level of competition: How competitive is your current job? A low value implies a job is not competitive.

The O*Net survey allows respondents to rank their responses, generally from 1 to 5 or 1 to 7. For example, in

response to question one on “time pressure”, respondents can rank their response from never (1), once a year or more

but not every month (2), once a month or more but not every week (3), once a week or more but not every day (4),

to everyday (5). O*Net provides an average of the responses of respondents to the questions, by occupation, in the

database (i.e they do not provide worker specific responses). The responses to each of the questions were normalized

to have a mean of zero and a standard deviation of one.

In order to understand how these characteristics relate to the gender wage gap by occupation, the O*Net occupa-

tions were mapped to the ANZSCO occupations (for occupations with a minimum of 25 men and 25 women). Similar

to the matching exercise completed for the preceding analysis with Goldin’s categories, one-to-one matches were

found across the two classifications (O*Net and ANZSCO) in some instances and the job descriptions were used to

match the remaining occupations. A mean ANZSCO occupational O*Net score was calculated by averaging the values

associated with the seven questions for each occupation. Mean ANZSCO occupational O*Net scores were then calcu-

lated for four occupational groupings (technology and science, business, health, and law), defined by Goldin (2014).

These were calculated by averaging the ANZSCO occupational O*Net score across occupations included within each

grouping and weighting the individual occupations by employment. Results are presented in Table 4.

TABLE 4: MEAN O*NET SCORE (NORMALIZED) BY OCCUPATIONAL GROUPING

Business Health Law Sci. and Tech.
Establishing and maintaining interpersonal relationships 0.86 1.05 0.76 -0.07

Contact with others 0.66 0.89 0.52 -0.46

Structured versus unstructured work 0.72 0.80 0.19 -0.19

Freedom to make decisions 0.39 0.82 0.79 -0.45

Time pressure 0.24 0.59 1.26 0.06

Frequency of decision making 0.41 1.06 1.29 -1.10

Level of competition 0.59 -0.38 0.66 0.48

N 41 8 2 14
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Source: Author’s calculations using HILDA and O*Net.

Consistent with Goldin (2014), technology and science occupations have the lowest score on all questions, except

the level of competition. This implies that individuals who work in these sectors tend to have few strict deadlines, little

contact with others, and they have less need to establish and maintain relationships. They also undertake structured

(substitutable) work, have less freedom to make their own decisions without supervision, and the decisions they do

make minimally impact others. The combination of these characteristics suggests that employees in these occupations

have few time demands and limited personal interaction. As illustrated by the green and yellow squares in Figure

5, these occupations also have among the smallest gender earnings gaps. By contrast, while legal occupations have

greater autonomy to make decisions, those decisions impact others more frequently and must be made in competitive

environments under substantial time pressure. Similarly business professions have fewer time pressures, but high

levels of competition and emphasis placed on establishing interpersonal relationships and contact with others. Since

legal and business professions impose time demands and require substantial interaction with others, their occupational

pay gaps are also larger. Health professions do not align with this framework. They have among the highest values

for the six questions associated with time demands on the job, but gender earnings gaps that fall between between the

extremes of those in business and science and technology occupations. Goldin (2021) attributes this finding to the lack

of competition in the industry.

The differences summarized in Table 4 are presented by occupation in Figure 5. Consistent with Goldin (2014),

a statistically significant negative relationship emerges between the size of the gender earnings gap and the average

O*Net score. This relationship suggests that the greater time demands, the levels of personal interaction, and degree of

competition in an occupation, the larger the gender earnings gap. By contrast, the more substitutable workers and/or

the services and products they provide, the smaller the gender earnings gap.
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Figure 5. Gender earnings gaps at the 4-digit occupational level and the average O*Net score (Goldin 2021), full-time
university graduates

Analysis 4: High costs, associated with “temporal flexibility”, give rise to "greedy" jobs with an earnings to hours

elasticity that exceeds one. The gender earnings gap is highest in occupations where greedy jobs proliferate.

To assess the extent to which the cost of temporal flexibility is reflected by an elasticity of earnings to hours greater

than one, an interaction term between weekly hours worked and occupation is included to the specification below:

ln(Y )it = β0 +β1ageit +β2age2
it +β3sexit +β4yeart +β5ln(weeklyhoursworked)it

+β6universityit +β7occupationit +β8occupationit ∗ sexit

+β9occupationit ∗ ln(weeklyhoursworked)it + εit

(7)

The elasticity of weekly earnings to weekly hours worked, equal to the sum of β5 and β9, is presented in Figure

6. Consistent with Goldin’s results, a statistically significant and negative relationship emerges between the size of

the occupation-specific gender earnings gap and the earnings to hours elasticity. The negative relationship suggests

that the greater the cost of temporal flexibility, represented by the earnings to hours elasticity, the greater the gender

earnings gap. The results presented in Figure 6 are also consistent with differences in hours worked by men and

women within occupations. 7 shows that the gender earnings gap is largest in occupations where the difference in

mean hours worked between men and women is largest. In other words, both figures suggest that full-time university

graduate women disproportionately select flexible jobs in greedy occupations or work fewer hours than men in greedy
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jobs.).

Figure 6. Gender earnings gaps at the 4-digit occupational level and the elasticity of weekly earnings to hours worked,
full-time university graduates
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Figure 7. Gender earnings gaps and the difference in male and female weekly hours worked, full-time university
graduates

The results presented thus far are consistent with the findings in Goldin (2014) and remain valid when both coun-

tries’ data are limited to the same occupations (see Figure A1 in the appendix). At the individual occupation level

however, differences emerge. Figure 8 limits gender earnings gaps to those occupations for which estimates are avail-

able in both countries and that are statistically significant in Australia. Confidence intervals are also provided for the

Australian estimates (they are not available for the USA). On average, the gender earnings gaps are slightly higher in

the United States, relative to Australia. This is consistent with wage compression effects observed in countries where

collective bargaining coverage is large. Cross-country differences in occupational gender earnings gaps could how-

ever, arise for several reasons. Some of these, including differences in labour market institutions, are further discussed

below.
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Figure 8. Occupational gender earnings gaps for full-time university graduates in Australia and the USA

Differences in occupational definitions in the United States and Australia

Since occupational classifications differ between the USA and Australia, this could explain some of the variation

in occupational cross-country gender earnings gaps. For example, the classification used by Goldin (2014) has three

occupational codes for the legal profession: lawyers, and judges, magistrates, and other judicial workers; miscella-

neous legal support workers; and paralegals and legal assistants. There are also three, slightly different, occupational

codes that encompass this group in Australia: barristers, solicitors, and judicial and other legal professionals. In this

instance, cross-country differences in occupational classifications prove problematic since the barrister profession - an

occupation that specializes in defending clients in court - is extremely male dominated, which precludes calculation of

a gender earnings gap and an earnings to hours elasticity using the sample size restrictions imposed by Goldin. As a

result, a direct comparison of the earnings for lawyers is incompatible across the two countries unless the occupational

codes for the three groups are aggregated in the Australian classification.

To assess the extent to which cross-country differences in occupational classifications contribute to occupational

pay gaps across both countries, sample size restrictions are relaxed and occupations with any number of men and

women are included in the estimates. This broadens the sample to include occupations that may be highly sex-
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segregated or have small sample sizes in Australia, but not the United States. Figure 9 shows that including these

occupations strengthens the negative relationship observed between the occupational gender earnings gap and the

elasticity of earnings to hours. Disaggregation of the unrestricted sample by occupational grouping is presented in

Figure A2 in the appendix. When the earnings to hours elasticity is graphed against the share of women in an oc-

cupation, a statistically significant and negative relationship also emerges. Combined, these results imply that in

addition to greater pay inequity in occupations with a high earnings to hours elasticity, these occupations tend to be

male-dominated.

Figure 9. Gender earnings gaps at the 4-digit occupational level and the elasticity of weekly earnings to hours worked
for full-time university graduates, sample size restricted and unrestricted

The gender earnings gaps for legal occupations and physicians are also recalculated below to improve comparison

across the two countries. The total for each occupation is then weighted by the number of individuals employed

in each sub-occupational grouping for each country. Table 5 shows that aggregating the Australian occupational

codes in the legal profession, to better approximate the occupations included in the American classification, does

not eliminate gender earnings gaps between Australia and the USA. The gender earnings gap in the American legal

profession remains more than double the gap in Australia. By contrast, aggregating the Australian health professions

that are encompassed by the American "physicians and surgeons" classification substantially reduces the gap observed

between the two countries. A 10 percentage point gap in earnings does however, remain across the two countries.

These two sectors suggest that differences in occupational classifications can explain some cross-country heterogeneity
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in occupational gender earnings gaps, but not all.

TABLE 5: GENDER DIFFERENCES IN EARNINGS IN THE LEGAL PROFESSION

Country of classification
Australia USA

Barristers -0.13
Judicial and Other Legal Professionals 0.05
Solicitors -0.10
Lawyers, and judges, magistrates, and other judicial workers -0.19
Miscellaneous legal support workers -0.24
Paralegals and legal assistants -0.11

Total -0.08 -0.19

Source: Author’s calculations using HILDA and estimates from Goldin (2014).

TABLE 6: GENDER DIFFERENCES IN EARNINGS AMONG PHYSICIANS AND SURGEONS

Country of classification
Australia USA

Anaesthetists -0.37
Generalist Medical Practitioners -0.09
Other Medical Practitioners -0.34
Specialist Physicians -0.19
Surgeons -0.71
Physicians and surgeons -0.34

Total -0.24 -0.34

Source: Author’s calculations using HILDA and estimates from Goldin (2014).

Differences in institutional settings

Another source of cross-country variation could emerge from differences in labour market institutions, namely the

prevalence of collective bargaining. In comparison to the United States, the Australian labour market is more highly

regulated. Figure 10 focuses on the pay setting mechanisms used by full-time university graduate employees in 2020.6

The figure illustrates that most employees in this subgroup have their pay set by collective or individual agreement.

There are however, differences by sex; men more frequently have their pay set through individual agreement, while

women rely more heavily on collective agreement. Substantial heterogeneity in wage-setting mechanism also emerges

among full-time university graduates within occupations. Figure A3 illustrates how very few occupations have a

dominant form of wage-setting. This heterogeneity at least partially reflects that collective bargaining occurs at the

enterprise level in Australia. As a result, individuals can work in the same occupation, sector, and geographic area, for

example, but be subject to a different form of wage-setting.

6While 2020 is presented, trends in pay setting mechanisms are relatively constant since the question was initially posed in HILDA in 2008.
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Figure 10. Pay setting mechanism among full-time university graduate employees in 2020, by sex

To better understand the impact of wage-setting institutions on gender earnings gaps by occupation, five wage-

setting dummy variables are added to equation 8. The wage-setting variables equal 0 or 1, according to the type of

wage-setting arrangement applicable to to individual, i, at time, t. Wages are set by: collective agreement; an individual

agreement; a combination of a collective agreement and individual agreement; by a minimum wage (award); or through

other mechanisms. In order to retain the same sample size, an additional unknown dummy variable is also included

where individuals do not indicate the type of wage-setting arrangement in place. Equation nine adds an additional

interaction term between sex and the wage-setting dummy variables. The intent of this second equation is to permit

comparison between a male and female pharmacist who both have their pay set through an individual agreement; this

effect is captured through the sum of β3, β8 and β10.

Collective bargaining:

ln(Y )it = β0 +β1ageit +β2age2
it +β3sexit +β4yeart +β5ln(weeklyhoursworked)it+

β6universityit +β7occupationit +β8occupationit ∗ sexit +β9wagesettingit + εit

(8)
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Collective bargaining + interaction:

ln(Y )it = β0 +β1ageit +β2age2
it +β3sexit +β4yeart +β5ln(weeklyhoursworked)it+

β6universityit +β7occupationit +β8occupationit ∗ sexit +β9wagesettingit +β10wagesettingit ∗ sexit + εit

(9)

The results from these specifications are illustrated in Figure 11. Occupational wage gaps, estimated from equation

6 (the sum of β3 and β8), are plotted on the y-axis against those, which account for wage-setting mechanism, specified

in equation 8. The appearance of green squares on both sides of the 45 degree line implies that controlling for wage-

setting has a variable effect on occupational gender pay gaps; in some occupations the gender pay gap increases and

in others it declines. By contrast, when the interaction between sex and wage-setting mechanism is included in the

specification, very different results emerge. The blue diamonds (the partial derivative of equation 9 with respect to

sex) all situate above the 45 degree line, indicating that pay disparities between men and women within occupations

are smaller when both sexes have their pay set through collective agreement. Conversely, all of the red triangles appear

below the 45 degree line, indicating that pay gaps are larger between men and women in the same occupation when

both sexes have their pay set by individual agreement. The particular mechanism(s) that underlie the reduction in pay

gaps that arises when collective agreements are in place (i.e. pay transparency, collective representation, etc.) remain

outside the scope of this research.

Figure 11. Occupational gender earnings gaps by pay setting mechanism, full-time university graduate employees
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Since collective bargaining coverage is limited in the United States, a more appropriate cross-country occupational

comparison of gender pay gaps is those estimated for individuals with an individual agreement. The results for the

legal and "physicians and surgeons" occupations are displayed in Tables 7 and 8. The pay gaps observed in these

professions, among individuals who have their pay set by individual agreement, are higher than those estimated in

equations 6 and 8. As a result, the weighted average pay gaps for these two occupations in Australia, relative to the

United States, converge slightly, but still remain higher in the United States. Finally, when the share of employees’

pay set by an individual agreement is juxtaposed against an occupation’s elasticity of earnings to hours, greater use of

individual agreements is not surprisingly associated with larger elasticities (see Figure A4).

TABLE 7: GENDER DIFFERENCES IN EARNINGS IN THE LEGAL PROFESSION

Standard (Eq.5) Wage-setting (Eq.7) Individual agreement (Eq.8)
Barristers -0.13 -0.08 -0.11
Judicial and Other Legal Professionals 0.05 0.04 0.02
Solicitors -0.10 -0.11 -0.13
Total -0.08 -0.08 -0.10

Source: Author’s calculations using HILDA.

TABLE 8: GENDER DIFFERENCES IN EARNINGS AMONG PHYSICIANS AND SURGEONS

Standard (Eq.5) Wage-setting (Eq.7) Individual agreement (Eq.8)
Anaesthetists -0.37 -0.39 -0.43
Generalist Medical Practitioners -0.09 -0.10 -0.13
Other Medical Practitioners -0.34 -0.34 -0.38
Specialist Physicians -0.19 -0.19 -0.23
Surgeons -0.71 -0.71 -0.74
Total -0.24 -0.25 -0.28

Source: Author’s calculations using HILDA.

6 Concluding Remarks

Over time, the gender earnings gap has declined alongside the degree of occupational segregation in Australia. Despite

these gains however, occupational segregation persists, particularly when occupations are considered at a detailed (4-

digit) level. Consequently, a gender earnings gap remains, much of which is attributable to differences in pay at the

occupational level. Some occupations have a large gender earnings gap, while others have eliminated it entirely. Dif-

ferences in occupational gender earnings gaps reflect the heterogeneity (or lack thereof) of jobs within an occupation.

Some jobs are greedy, while others are flexible. Both types of jobs can can co-exist within one occupation.

Occupations with large gender earnings gaps share several characteristics. Importantly, greedy jobs comprise a

large share of employment in these occupations; men are also disproportionately employed in them. These tend to
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be business-related occupations, where competition and demands on an employee’s time are important. A large share

of individuals employed in these occupations negotiate their pay using individual (rather than collective) agreements.

Relative to other occupations, they are, on average, highly compensated and have an earnings to hours elasticity that

often exceeds one. The elasticity captures non-linearities in pay that reflect compensating differentials awarded to the

worker, usually a man, for long and irregular hours worked.

A smaller share of women work in occupations with large gender earnings gaps. Among those who do, they work

fewer hours per week, on average, relative to their male counterparts. Fewer hours worked could indicate females

select flexible jobs within greedy occupations. Alternatively, it could imply women work in greedy jobs, but work

fewer hours in them. Both factors result in a large gender earnings gap since, by not working long hours, they cannot

earn as much as their male counterparts. Occupations with small gender earnings gaps also share similarities. Flexible

jobs comprise a large share of their employment. These occupations are overrepresented in the technology and science

sectors. In these sectors, workers are more substitutable and as a result, there are fewer demands on specific workers’

time and the elasticity of earnings to hours tends to be less than or equal to one.

Relative to the United States, some differences emerge from the Australian context. On average, occupational

pay gaps are slightly larger in the United States, relative to those in Australia. In this paper, I correct for differences

in occupational classifications that engender imperfect cross-country occupational comparisons (i.e. barristers do

not exist as an occupation in the United States). Correcting for these differences allows for improved cross-country

comparisons and reduces the size of occupational gaps between the two countries.

The results also show that differences in labour market institutions also influence the results. Since collective bar-

gaining plays a limited role in the United States, comparing the occupational pay gaps in the United States, with those

of employees in Australia who have their pay set by individual agreement, further reduces cross-country differences.

Collective bargaining also attenuates occupational gender earnings gaps in Australia. Pay gaps are smaller between

men and women within occupations when their pay is set by collective agreement. By contrast, pay gaps widen within

an occupation when pay is set by individual agreement. More research is required to identify the causal mechanism(s)

that underpins this result. For example, if reductions in pay gaps are achieved via pay transparency - a feature of a col-

lective agreement - other firm level policies regarding pay transparency could potentially achieve a similar result. By

contrast, if reductions in pay gaps emerge from improvements in the bargaining position of workers, enabled through

collective action, firm level policies regarding pay transparency would be less effective.

Eliminating occupational gender earnings gaps will require changing the nature of greedy jobs. History shows

various paths that can facilitate occupational transition from greedy to "not so needy". Business management practices

and technological change can accelerate the transition (Goldin, 2021). Good old-fashioned ingenuity, on the part of

workers in an occupation, can also help achieve it (Goldin, 2021). However, changing individuals’ (largely male) pref-

erences for greedy jobs also forms part of the solution. Gender norms impose different expectations on women, which
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shape their preferences and choices about employment, particularly following the arrival of children. While individual

families benefit from specialization, societies bear the economic cost due to an inefficient allocation of highly valuable

resources: women. To this end, policies that help reshape gender norms, by encouraging male involvement in the

household and family, also have a role to play.
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Appendix

Some of the occupations presented in Goldin (2014) differ from those used in HILDA. Since the sample size for data in
the United States is substantially larger than Australia, Goldin was able to calculate gender wage gaps and elasticities
for a greater number of occupations. To confirm whether differences in the types and number of occupations included
in the graphs influence the results, the occupational groupings used by Goldin were mapped to those in HILDA.
Figure A1 has been reproduced below by limiting the sample to the 52 occupations available for both countries. The
statistically significant and negative relationship between the gender wage gap and the elasticity of earnings to hours
remains when the same occupations are used in both countries. Appendix Table A7 includes the regression results for
this specification.

Figure A1. Gender earnings gaps at the 4-digit occupational level and the elasticity of weekly earnings to hours worked
in Australia and the USA, full-time university graduates
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Figure A2. Gender earnings gaps at the 4-digit occupational level and the elasticity of weekly earnings to hours worked
for full-time university graduates by occupational grouping, unrestricted sample size

Note: The unrestricted sample includes all occupations where there are at least 25 individuals, irrespective of the gender composition
of those individuals. The restricted sample, which replicates the approach used by Goldin (2014), limits the sample to occupations
where there are 25 men and 25 women. The bottom panel is the same as top panel but excludes outliers.
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Figure A3. Pay setting mechanism within an occupation by share of female employment in an occupation, full-time
university graduate employees in 2020

Figure A4. Share of full-time university graduate employees (in 2020) with their pay set by individual agreement (IA)
and the elasticity of earnings to hours
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TABLE A1: EQUATION 1, GENDER EARNINGS GAP ESTIMATES AMONG FULL-TIME EMPLOYEES

Basic Time Education Occupation Experience
Sex -0.19*** -0.11*** -0.16*** -0.11*** -0.11***

(0.00) (0.00) (0.00) (0.00) (0.00)

Age 0.05*** 0.04*** 0.04*** 0.03*** 0.03***
(0.00) (0.00) (0.00) (0.00) (0.00)

Age squared -0.00*** -0.00*** -0.00*** -0.00*** -0.00***
(0.00) (0.00) (0.00) (0.00) (0.00)

Ln weekly hours worked 1.05*** 0.98*** 0.82*** 0.82***
(0.01) (0.01) (0.01) (0.01)

Graduated from university 0.30*** 0.14*** 0.14***
(0.00) (0.00) (0.00)

Years experience in current occupation 0.00***
(0.00)

Years experience with current employer 0.00***
(0.00)

R-squared 0.09 0.24 0.34 0.52 0.52

N 87,067 87,067 87,067 87,067 87,067
*** p<.01, ** p<.05, * p<.1

Source: Author’s calculations using HILDA.
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TABLE A2: EQUATION 2, GENDER EARNINGS GAP ESTIMATES AMONG ALL EMPLOYEES

Basic Time Education Occupation Experience
Sex -0.44*** -0.14*** -0.18*** -0.12*** -0.11***

(0.00) (0.00) (0.00) (0.00) (0.00)

Age 0.05*** 0.04*** 0.03*** 0.03*** 0.03***
(0.00) (0.00) (0.00) (0.00) (0.00)

Age squared -0.00*** -0.00*** -0.00*** -0.00*** -0.00***
(0.00) (0.00) (0.00) (0.00) (0.00)

Ln weekly hours worked 0.92*** 0.90*** 0.80*** 0.79***
(0.00) (0.00) (0.00) (0.00)

Graduated from university 0.31*** 0.12*** 0.13***
(0.00) (0.00) (0.00)

Years experience in current occupation 0.00***
(0.00)

Years experience with current employer 0.00***
(0.00)

R-squared 0.15 0.58 0.63 0.73 0.73

N 116,549 116,549 116,549 116,549 116,549
*** p<.01, ** p<.05, * p<.1

Source: Author’s calculations using HILDA.
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TABLE A3: EQUATION 3, GENDER EARNINGS GAP ESTIMATES AMONG FULL-TIME UNIVERSITY GRADUATES

Basic Time Education Occupation Experience
Sex -0.21*** -0.17*** -0.17*** -0.11*** -0.10***

(0.00) (0.00) (0.00) (0.00) (0.00)

Age 0.07*** 0.06*** 0.06*** 0.06*** 0.06***
(0.00) (0.00) (0.00) (0.00) (0.00)

Age squared -0.00*** -0.00*** -0.00*** -0.00*** -0.00***
(0.00) (0.00) (0.00) (0.00) (0.00)

Ln weekly hours worked 0.92*** 0.91*** 0.70*** 0.70***
(0.01) (0.01) (0.01) (0.01)

More than a Bachelor’s degree 0.06*** 0.03***
(0.00) (0.00)

Years experience in current occupation 0.00***
(0.00)

Years experience with current employer 0.00***
(0.00)

R-squared 0.15 0.26 0.27 0.46 0.47

N 30,877 30,877 30,877 30,877 30,877
*** p<.01, ** p<.05, * p<.1

Source: Author’s calculations using HILDA.
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TABLE A4: EQUATION 4, GENDER EARNINGS GAP ESTIMATES AMONG ALL UNIVERSITY GRADUATES

Basic Time Education Occupation Experience
Sex -0.40*** -0.17*** -0.18*** -0.11*** -0.11***

(0.01) (0.00) (0.00) (0.00) (0.00)

Age 0.07*** 0.06*** 0.05*** 0.05*** 0.04***
(0.00) (0.00) (0.00) (0.00) (0.00)

Age squared -0.00*** -0.00*** -0.00*** -0.00*** -0.00***
(0.00) (0.00) (0.00) (0.00) (0.00)

Ln weekly hours worked 0.90*** 0.89*** 0.79*** 0.78***
(0.00) (0.00) (0.00) (0.00)

More than a Bachelor’s degree 0.07*** 0.03***
(0.00) (0.00)

Years experience in current occupation 0.00***
(0.00)

Years experience with current employer 0.00***
(0.00)

R-squared 0.14 0.57 0.57 0.68 0.69

N 40,435 40,435 40,435 40,435 40,435
*** p<.01, ** p<.05, * p<.1

Source: Author’s calculations using HILDA.
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TABLE A5: EQUATIONS 5 AND 6, GENDER EARNINGS GAP ESTIMATES AMONG FULL-TIME UNIVERSITY GRADUATES

Occupation#Sex Occupation#Hours
Sex -0.30*** -0.31***

(0.04) (0.04)

Age 0.06*** 0.06***
(0.00) (0.00)

Age squared -0.00*** -0.00***
(0.00) (0.00)

Ln weekly hours worked 0.68*** 0.64***
(0.01) (0.10)

More than a Bachelor’s degree 0.03*** 0.02***
(0.00) (0.00)

R-squared 0.43 0.45

N 23,524 23,524
*** p<.01, ** p<.05, * p<.1

Source: Author’s calculations using HILDA.
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TABLE A6: EQUATIONS 7 AND 8, GENDER EARNINGS GAP ESTIMATES AMONG FULL-TIME UNIVERSITY GRADUATES, WITH

WAGE-SETTING INSTITUTIONS

Wage-setting Wage-setting#Sex
Sex -0.30*** -0.29***

(0.04) (0.04)

Age 0.06*** 0.06***
(0.00) (0.00)

Age squared -0.00*** -0.00***
(0.00) (0.00)

Ln weekly hours worked 0.67*** 0.67***
(0.01) (0.01)

More than a Bachelor’s degree 0.03*** 0.03***
(0.00) (0.00)

Collective agreement (CA) 0.06*** 0.05***
(0.01) (0.01)

Individual agreement (IA) 0.14*** 0.14***
(0.01) (0.01)

Combination of CA and IA 0.09*** 0.10***
(0.01) (0.02)

Paid exactly the Award (or APCS) rate 0.05*** 0.04***
(0.01) (0.02)

Other 0.12** 0.07
(0.05) (0.07)

Female x Collective agreement (CA) 0.03***
(0.01)

Female x Individual agreement (IA) -0.03***
(0.01)

Female x Combination of CA and IA -0.02
(0.02)

Female x Paid exactly the Award (or APCS) rate 0.01
(0.02)

Female x Other 0.11
(0.10)

R-squared 0.46 0.46

N 29,252 29,252
*** p<.01, ** p<.05, * p<.1

Source: Author’s calculations using HILDA.
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TABLE A7: EQUATION 4 UNRESTRICTED SAMPLE, GENDER EARNINGS GAP AND ELASTICITY ESTIMATES AMONG

FULL-TIME UNIVERSITY GRADUATES

GPG Elasticity
Sex -0.30*** -0.31***

(0.04) (0.04)

Age 0.06*** 0.06***
(0.00) (0.00)

Age squared -0.00*** -0.00***
(0.00) (0.00)

Ln weekly hours worked 0.68*** 0.65***
(0.01) (0.11)

More than a Bachelor’s degree 0.03*** 0.03***
(0.00) (0.00)

R-squared 0.45 0.47

N 29,252 29,252
*** p<.01, ** p<.05, * p<.1

Note: The unrestricted sample includes all occupations where there are at least 25 individuals, irrespective of the gender composition
of those individuals. The restricted sample, which replicates the approach used by Goldin (2014), limits the sample to occupations
where there are 25 men and 25 women.
Source: Author’s calculations using HILDA.
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